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Machine learning eT60TLIENS @)6V&6UTS  6T(H LIGLITLOITEOT T6V

gHMeugl @ machine @ME& @MbBSH &HMeV data eV
SHUSGE aTHTHTVEH gamaugs SImerd erhH&HGW0
QUMUILI60L &{B& machine @MHE& QUMHMIS Q&THILILISTELD.
% Machine learning @ 60T LNJ&MeoT LGP &H6IT eLpedTm).
Supervised Learning
= Unsupervised Learning
Reinforcement Learning

< @\MIEG BIMMIGET Supervised Learning LMl LMTLUGUITLD.
Supervised Learning

% Supervised Learning &6rflev label LieooTevorlILIL L. data eLp6VLD

machine train Lieooreoor LILI(hILD.

¢ 2 MBIGHEHHG LLN6T aTMI6T image & &ML &l LLeM6oT

6Tl 6TeoT GMILILNBILD CUMS! &l label LievoTevor LI L. data
6260TM TG LD.

% Label LieooreooTLILILL.  data eTeoTU6mMS GG 2 6T
©_SHTreourd H 6T eLpeuld ellemmi&le Q& meTGeuITLD.

% @M@ [BITWD machine learning model 6260T6MM  training
LicooTeamI G TLD.  exam eeTmleT  UeTefl&aEnsiE&  emL
IOTEOTeUI&HET  CHTFH  SMLBSTIHETT  @6Vemn6euT
cTeOTLI6M S BTLnmen1885.

¢ IBMHTH HLD 2 616 data set & Heuenf1GHSIL LIMFLIGUITLD.
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Person 1 80 60 65

Person 2 70 54 63

Person 3 61 47 86

Person 4 50 50 83

Person 5 74 31 66

Person 6 58 81 43

< @\HIG eLneTml exam &erfleL QLIMMISE &TevorL Li6iTerfl & €158 &

ghU B BUT CHIEFF QUMMITTT G 6LEMEVUIT 6T60TLISI
Result eTsnyLd BIFedlev &L LIL(RILD.

¢ @ mIGe6Tenal label Lievoreoor ILIL_ L data set i,@&LD.

¢ @MIG BITWD input & QUMM Q&ETHHGLD data set |HMeUS
66UGIEUITIHEU(HLD exam &erflev QUMHMIGHE S MevoTL L|eTerflasar,
GLID SBS LeTafHEb&HEES JHU HUTHEDRSHS Bl S5
result 60TMI @) (HSHGLD. S output G LD.

¢ @bhs data eweuld (WN&6e0I6L machine learning modal  epé&tTEmM
training LI6v0TE00T @6 600T(H)LD.

S QUCUME @ HFS data &HEHSHEG ML exam pass LIGOOT600T
6TEUEUEM S WLIMEDT L|6merflsheT @ héHs Geueor(hld, exam 660TMI

fail LI6ooTEOOT eTEUEUEMSHUITEDT L|6Terfl&6T @) (HhdHs Geuenor(h LD
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GUITeOT pattern  660TEMM machine @MEG 2 (HUTHH G
@ & TEITEIT (LPLQULD.
¢ 9|b& pattern &ITedT machine learning modal 663TMT& machine

ELN6VLD store LI6uoT6001 186 & a6 LI L (hLD.

¢ "@6UeUMTM machine learning modal M flemywlL]

LWIME QFws YNm@, meorelseT Qumm
NS LIGLeoTSGemeT @55 WMHFlulley input eus
Q&EMTHSS, SUTSH6T CHTFF ML UTTSHETT
@6VEMELWIT  6T60TLIEME  machine  6TEUGUTM)

& 60011 BH M S 6T60TLIENS HITLD LIMT&HEEVITLD
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¢ HFleov FuLWmEsE L YeuTsHeT QUMMIS SMHLWL ellenL
LNem D WwImss oLg.u]ib.
¢ TRISHEHEHEG @eUeUTm Henl &@GID result @)60T accuracy &
Fal (HeUsME& 6ThI&6T machine learning modal & training
LieooremlaisME& 6f(h&E&LD data set @6V 2 6o data @)eor
3|6Mem6l Fal L Geuevor(hLD.
% Supervised learning use Lieooremmiln Algorithms  LiledTeuLomm
SJ6MLOW]LD.
Linear Regression
= Logistic Regression
Support Vector machine (SVM)
K-Nearest Neighbors (KNN)

% Supervised learning &6l MBS G SHMeTET G6U6D0T LY UL
ggmeor  @&MlliL]  machine learning modal & training

L1 600T 6000 6] S5 label LieooT60OTLILIL_ L. data 2]

LWeT RSB WMEGLD.

Unsupervised Learning

% Unsupervised learning &61fléb machine learning modal g3 training

LieooTemlel&SME& label  LietotetoriLILME data set  6pedTm)

LweT UM &SSLIL(RILD.




% @M@ [T data  epevld machine learning modal &3 training
LI6ooT600T |60TITEYILD output & machine @MH& AMPSL
LI & &6U5 6L6mI6V.

< LeoteumLOmo) data set 2_600TGL_ 60T [BlemeorLIGLITLD.

< GgeTemeumml data set ee0TelM [HITLD Supervised learning

serflev LWeTUBO S UNBHS TV 2F6L 2_6TET 61196 MBI M 6T

WS LILGSS CeuetiTly @) (&G L. 3 SFTeUS G)HIE 2 6T6rT
FNWaE a8, UL LD 6T, BLFSHTLD 615 6T6dTmI HTLD label

Lievoreoof| oMW &LILGISS Geueorq.ull([has @ L.
% 9L6e0TmeL Unsupervised learning &e6rfley BITID @& data label

LI 600T 600161 G5l &) 6V61I6V.
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% Unsupervised learning &erfledr  machine pLpeULD data set
& LIGSSILUGLWD. HME& machine @Mm@& LUiflujld Pattern
LwerU(h &S LILBILD.

¢ QLEOTML QMG UmGUUMSSULLLTNI0 GeummissES
FamUILBILD QUWIT machine @MHE& Q& Flumsl.

% @MHIG 6)19.6U IS EH 5 G gL LY edTeU HLOMOY

RIS LILIGSSLILIGILD.

& GUuauh bs Algorithms @DEG BIMSMS 6L WTETLD
&600T(H) G TeTer (LOLG UL mulledT LI6dTeu (HLOMMI 6119 61 M & 60 6T

CaUMM&H & (LPLQULD.
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% Unsupervised learning &erfledr @& data set & 66UGIGUT(H
Fal LEH MG CaummsH:s Q& meTeusnd BITID clustering  6T60Tm)
WS LILBGSSCeUTLD.
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< IeleUMM 6TMI&GEHHEG LWeTUbhSS (WU omeor clustering
(LDEMMSET LIV 2 _6Temenr.ib&% Algorithms  LletTeupLommi
2600 LD.
» K-Means Clustering
= Hierarchical Clustering
= Principal Component Analysis (PCA)

= Singular value Decomposition

Summary




Unsupervised learning Supervised learning

e Machine learning  modal e Machine learning modal
training LI 600T 6001 61 & M (& trainingLI6oOTEIEUS M &  Label
Label LieooT6OOTLILILL. data L16D0T600T LILIL_IT& data set
set 6960TM)I 6260TMI LIWeTU(HSSLILIGILD.
LweTU(RHSSLILGID.

e QOutput e Output

] " 2 Y
' | | f. "y %

s B B [o®® @)
y "0 |

ar ‘/.’ kY '.'. e ® /

Clusfer 1 Cluster 2

coLIVEWORKSHEET



